4 Iz P ]
ﬂa‘nﬁu RATITING ﬂ1§ﬂ1u1ﬂi1ﬂ1ﬂﬁﬂﬂi1ﬁlﬂiﬂ81°}f Support Vector Machine
(PREDICTION OF STOCK PRICE USING SUPPORT VECTOR MACHINE)

g 4 E4 9
’Eﬂﬂﬁﬂﬁﬂ?ﬂ‘]&ﬂ: ATRT10138Y ﬂ’i.llWTﬁﬂu aRgsITN. 304 TU.

[ [ ¢ = Y a ? A Y A o dy
IManNINe o na1lanariezesosleslysimda NIIIANFANMIYNNINITED

v 4 [l 1 v Y Y
e a ¥unaniy Flaesisunavesmanieulivessimia veyathwidluveyanny
d! ' d' o Y ° v Y v
non-stationary %4 Tz lalumsmnearin  waaavesniadadunisua

Y Y v b

[ v v Y v ]
voyauuuneihlvveyanatoiuveyauuy stationary la uaalengszidenisessinilums

y L4 s 0 '
Gd]f’é]"lﬂflﬂaﬂﬂ‘inJGUf]\i‘V]NﬁaWﬂ“I’iﬁﬂ‘Vli‘WEJL!ﬁ\T]Jﬁgl,ﬂﬁulﬂﬂ f]@]‘i'lﬂ?ilﬂaﬂullﬂﬁﬂ"ll0051ﬂ11’iﬁﬂ

P

o ¢ = ° o ' o £ o '
ninvvzlasuuilaslamivueayszausim "]N’Oﬁl%8‘1/]161??51]@34”?1Nﬁﬂ?ﬂ‘l]@ﬂi”lﬂ?ﬂﬂf’]?‘ﬂﬁ)g

' Y . A~ = [ =< [ [ A
"lmﬁumm;ummu stationary Welimindswlassimainszausiaia lldsseausmou Tae
v P ' ' '
VDYad1n SET50 WUHANNTWOIIN 8 Uii&lﬂﬁﬂﬁ@ﬂ\‘l"l]f‘]ﬂi"lﬂ"lllllNTHﬂTiVIﬂﬁ’E]']Jﬂ'JnJLﬂH

, A oy e ' 2o 2 "
stationary fﬂﬁmﬁ’f’)u“114’36116\15Tﬂ”l‘lriflﬂVI'iWEJG]@QLﬁ‘HulﬂGITNGB’NiTﬂTﬂﬂTWu@ PAVSLANA NN
o v v F v

AUITTAUITINVOINANNTNY AIDYIUFU FINTUITCAVITIAHANNITNYTEHIN 0.01 VN ﬂuﬁa
2.00 1M ‘]f’)\ﬁﬁ’ﬂi]glﬂju 0.01 V1N (3 IMINMIATUIUNAANVOIFIITIAVOIHAA1NYDITIAIA
~ ' ' ' d! Y zﬂ' Y Y '
138N “NARINYIII1AT” (tick change) mm@gaﬂmmﬂumagmmu stationary LA BINUD

Y v Y

AR Y = = @ = ﬂ [ A
Gllf)ﬂaljaﬁ]gﬂ\‘lcﬂﬂ\?llll5191%$Nﬂ15lﬂaﬂullﬂa\1%1ﬂ§$ﬂ‘UﬁWﬂ']ﬁlNl UITAVIINIDU  INVDYA
S A a o ! Qﬂj d‘ 'Y 4 2 :I} ad
SET50 gLy 2 mHmmmmn"lumumivmﬁ’e)‘ummtﬁu stationary AauITNMIudaq

v ' v v P ' v '
GU’l’)3J“aﬁlﬁ?kﬁu@%uuTﬂ&ﬁN’]gﬁqﬁﬁ‘UﬂTiLlﬂﬁﬂsll@u“aﬂaﬂV]ﬁWfJ'JJ”lﬂﬂ'J']ﬂWﬁi“IfWﬁﬂ'Nsll@\ﬁ']ﬂ']
v x P ' ] ' ] v
u@ﬂi]’]ﬂﬁﬂ\‘]ﬂﬂﬁﬂll@‘L!ﬂl,ﬂ!ﬁE]fl"i]El’NQWEJ’lﬂﬂﬂJ@lIﬂﬁﬁllﬂﬂQﬂn\‘]ﬁu ﬁi‘] SMA 1lag EMA
v v [ v P
VINAAANVRITIAULASHAANVDITINTINT - AINNTTNAADINVUDYAHANNINYUD SET50 U

P Y 1 Y 1 ' PRl d'Q v
Anmes SMA Mnveyaiulaslvmananndudinmesiiluidonsss MACD



II

' v v v v
dmfumsnesmudoning Tusafisias1eiulasls SVM 01nveyanan1sves
i . ¥ : ' » Y ooda
M HAEHaIWeIrI I Inkafianiins lasimidalasase  uazslvuwan@ndt neural
5 R . vy ' 4 & AL 13
network 8411n79111 ARIMA N 1yvoyananisypesIm wazmilssmdaiuilidusmvihung

9 '
wlnanumawdouga

¢ . ko
MNINANAPNANT awilororindnm j’-.\_,,m}o«) N ova B

fnsdnun 2559 awiledemnssi/ioy  f Ja qu HUUM

P

oA ] !
aele¥po1nsunisnuisn




PIYATAT CHATVORAWIT : PREDICTION OF STOCK PRICE
USING SUPPORT VECTOR MACHINE. THESIS ADVISOR :

PROF. PAIROTE SATTAYATHAM, Ph.D. 304 PP.

STOCK PRICE PREDICTION / SUPPORT VECTOR MACHINE / SUPPORT
VECTOR REGRESSION / TECHNICAL ANALYSIS / EMPIRICAL MODE

DECOMPOSITION

A stock price at any particular time is represented by its closing price,
i.e., the last traded price in the stock market prior to that particular time. By
their nature, closing prices are non-stationary data, and thus not suitable for
prediction. Considering closing price differences is a simple transformation which
makes the data stationary. However, by the price movement rules of the Stock
Exchange of Thailand (SET), the range of possible closing price changes varies
for different price intervals; there are some rules governing limits and patterns for
price movements. Thus, closing change data may not be stationary when moving
from one price interval to another. From our dataset from SET50, there are eight
stocks that fail the test of stationarity. Tick size is the smallest amount by which
the stock price can change. For the SET market, tick size varies for various price
intervals, e.g., tick size is 0.01 Baht per step for prices between 0.01 Baht and
2.00 Baht. We calculate the number of ticks different in price change, called tick
change, which is also a stationary data and its range remains the same for different
price intervals. With the same dataset from SET50, there are only two stock that
fail the test. So our transformation to tick difference is more suitable to transform
stock data from SET into stationary data.

We also present an indicator based on closing change and tick change, i.e.,



v

SMA and EMA from closing change and tick change. With our dataset from the
SET50, our SMA from closing change and tick change give a better profit than
the popular MACD indicator.

Fof stock price prediction, our SVM model based on closing change and
tick change outperforms than the closing price model, and the neural network
model. Additionally the ARIMA model with closing change and today’s price as

predicted price model from closing price present a high error.
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